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Figure 5.11 Edge patierns and corresponding edge types.

¢ D-0 isolated edge — negative influence on the edge confidence

s D-2, D-3 dead end — negative influence on edge confidence

¢ D-1 uncertain — weak positive, or no influence on edge confidence
¢ 1-1 continuation — strong positive influence on edge confidence

e 1-2, 1-3 continuation to border intersection — medium positive influence
on edge confidence

e 2-2, 2.3, 3-3 bridge between borders — not necessary for segmentation,
no influence on edge confidence
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Edge relaxation:
(a) Resulting borders after 10 itereations; (b) borders after thinning;

(c) Borders after 100 iterations, thinned; (d) borders after 100 iterations overlaid over original
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K-means aigos piu,93J o

® The aim is to minimize the within-cluster sum of squares.

arg min Z ZHX y,H

—lXeS

- aset of observations (x,, X,, ..., X ),
- to partition n observations into ksets (k<n) S = {S,, S,, ...

® where g, is the mean of pointsin §..

’ Sk}




K-means digos piu,93Jl

* Assignment: Assign cach observation to the cluster with the

* Update step: Calculate the new means to be the centroid ot

closest mean:

S:-r‘” = {}:j ; ij - mi?ﬂ

the observations in the cluster.

{E+1

| & ES“}

® Termination: the algorithm is deemed to have converged

when the assignments no longer change.
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1) k =3 1initial "means* are

2) k clusters are created by associatin
randomly selected from the data. ) y 9

every observation with the nearest mean.

3) The centroid of each k clusters 4) Steps 2 and 3 are repeated until
u becomes the new means convergence has been reached W
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